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Abstract 

Background:  Osteoarthritis (OA) and rheumatoid arthritis (RA) were two major joint diseases with similar clinical 
phenotypes. This study aimed to determine the mechanistic similarities and differences between OA and RA by inte-
grated analysis of multiple gene expression data sets.

Methods:  Microarray data sets of OA and RA were obtained from the Gene Expression Omnibus (GEO). By integrat-
ing multiple gene data sets, specific differentially expressed genes (DEGs) were identified. The Gene Ontology (GO) 
functional annotation, Kyoto Encyclopedia of Genes and Genomes (KEGG) pathways and protein–protein interaction 
(PPI) network analysis of DEGs were conducted to determine hub genes and pathways. The “Cell Type Identification by 
Estimating Relative Subsets of RNA Transcripts (CIBERSORT)” algorithm was employed to evaluate the immune infiltra-
tion cells (IICs) profiles in OA and RA. Moreover, mouse models of RA and OA were established, and selected hub 
genes were verified in synovial tissues with quantitative polymerase chain reaction (qPCR).

Results:  A total of 1116 DEGs were identified between OA and RA. GO functional enrichment analysis showed that 
DEGs were enriched in regulation of cell morphogenesis involved in differentiation, positive regulation of neuron 
differentiation, nuclear speck, RNA polymerase II transcription factor complex, protein serine/threonine kinase activity 
and proximal promoter sequence-specific DNA binding. KEGG pathway analysis showed that DEGs were enriched in 
EGFR tyrosine kinase inhibitor resistance, ubiquitin mediated proteolysis, FoxO signaling pathway and TGF-beta signal-
ing pathway. Immune cell infiltration analysis identified 9 IICs with significantly different distributions between OA 
and RA samples. qPCR results showed that the expression levels of the hub genes (RPS6, RPS14, RPS25, RPL11, RPL27, 
SNRPE, EEF2 and RPL19) were significantly increased in OA samples compared to their counterparts in RA samples 
(P < 0.05).

Conclusion:  This large-scale gene analyses provided new insights for disease-associated genes, molecular mecha-
nisms as well as IICs profiles in OA and RA, which may offer a new direction for distinguishing diagnosis and treatment 
between OA and RA.
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Background
Osteoarthritis (OA) is one of the most common arthritic 
diseases in elders, involving multiple joints with declining 
joint functions. As the main cause of disability, OA has 
gradually increased the healthcare and societal costs in 
older adults [1]. Rheumatoid arthritis (RA) is one of the 
most common autoimmune diseases among connective 
tissue disorders, which typically involves small joints such 
as hands and feet [2]. Similar to OA, RA reduces qual-
ity of life and increases the risk of disability in affected 
patients, and imposes considerable financial and societal 
burdens on healthcare systems worldwide [3]. Both OA 
and RA patients have comparable symptoms, includ-
ing pain, swelling, and dysfunction around the joints [4]. 
Current therapies for OA and RA are similar, such as 
oral medications with nonsteroidal anti-inflammatory 
drugs [5, 6], intra-articular injection with hormones and 
sodium hyaluronate [7, 8], and surgical intervention for 
end-stage lesions [9, 10]. However, the interventions are 
inadequate to impede the occurrence and progression 
of OA and RA. Although OA and RA share the similar 
therapeutic strategies, their pathological mechanisms 
are quite different. Growing evidences have demon-
strated that the degeneration and loss of articular carti-
lage, subchondral bone remodeling, and sclerosis, and 
inflammation of the synovium and synovia are the main 
pathomorphological changes of OA [11]. In contrast, 
RA is characterized by an autoimmune-mediated attack 
in the synovial membranes of the affected joints, which 
leads to the deterioration of cartilage and bone [12]. To 
distinguish OA and RA, previous study has pointed out 
the importance of diagnostic accuracy [13]. Nevertheless, 
the specific diagnosis of OA and RA remains restricted 
due to their unclear pathological mechanisms.

In recent years, bioinformatics analysis of microarray 
data has been applied to probe the mechanisms of OA 
and RA, revealing some novel insights [14, 15]. Thus, 
integrated bioinformatics analysis of these gene expres-
sion data in multiple platforms will be conducive to dis-
covering the potential mechanism of OA and RA. In this 
study, we aimed to firstly identify hub genes and related 
pathways involved in OA and RA, and finally screen 
out genes and signaling pathways to distinguish them. 
Functional annotations of differentially expressed genes 
(DEGs) and three protein–protein interaction (PPI) 
networks were constructed by data mining. Moreover, 
immune infiltration analysis was performed to inves-
tigate the differences and relationships of 22 immune 

cell types between OA and RA. Finally, overlapping hub 
genes between OA and RA were determined and veri-
fied by quantitative polymerase chain reaction (qPCR) in 
mouse models.

Materials and methods
Microarray data
The gene expression data was downloaded from the Gene 
Expression Omnibus (GEO) database (http://​www.​ncbi.​
nlm.​nih.​gov/​geo). “Rheumatoid arthritis” and “Osteoar-
thritis” were set as the keywords to search in the GEO 
database, leading to a total of 8046 results in the GEO 
database up to December 22, 2020. The inclusion crite-
ria of microarray data sets were as follows: (1) data sets 
should be messenger RNA transcriptome data; (2) sam-
ples were limited to synovial tissue.

Integration of microarray data and screening of DEGs
Probe ID extracted from the downloaded series matrix 
was converted into gene symbol using Perl language (ver-
sion 5.30.0). Corresponding gene symbols were merged 
into three groups and saved in TXT files. The quan-
tile normalization of multiple gene expression data sets 
was performed with R software (version 3.6.1) to mini-
mize the heterogeneity. Each gene was calculated by a 
t-test through its gene expression level and DEGs were 
screened employing “sva” and “limma” packages in R soft-
ware. The screening thresholds were |logFC| (|log2(fold 
change)|) > 1 and adjust-P value < 0.05. Hierarchical clus-
tering analysis of the top 100 DEGs was conducted using 
the “pheatmap” package in R.

Gene ontology (GO) and pathway enrichment analysis
GO (http://​geneo​ntolo​gy.​org/) enrichment analysis 
was employed to annotate genes. Cellular component 
(CC), biological processes (BP), and molecular function 
(MF) were generated through “enrichplot”, “DOSE” and 
“ggplot2” packages [16]. Kyoto Encyclopedia of Genes 
and Genomes (KEGG) database (https://​www.​kegg.​
jp/) was used for pathway enrichment analysis. GO and 
KEGG pathways of DEGs were visualized through “col-
orspace” and “stringi” packages. The false discovery 
rate < 0.05 and adjusted-P value < 0.05 were used as the 
cut-off criteria.

Gene set enrichment analysis (GSEA)
The GSEA [17] software was downloaded from http://​
softw​are.​broad​insti​tute.​org/​gsea/​index.​jsp. To further 
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identify the different functions of the hub genes, the 
GSEA analysis was conducted with merged data between 
OA-specific DEGs and RA-specific DEGs. The false dis-
covery rate < 0.05 and adjusted-P value < 0.05 were set as 
the cut-off criteria.

PPI network analysis
The Search Tool for the Retrieval of Interacting Genes 
(STRING) was used to evaluate and integrate PPI infor-
mation of DEGs [18, 19]. Proteins included in the PPI 
networks were protein-encoding DEGs with a similar 
gene change in negative control (NC) vs. OA, NC vs. 
RA, and OA vs. RA. In all three groups, the minimum 
required interaction score with a confidence score of 0.99 
was applied to build the PPI networks. Cytoscape soft-
ware (version 3.5) was used to construct PPI networks of 
OA and RA-specific DEGs.

Immune infiltration cells (IICs)
The Cell Type Identification by Estimating Relative 
Subsets of RNA Transcripts (CIBERSORT) online tool 
(http://​ciber​sort.​stanf​ord.​edu/) [20] was used to explore 
the state of OA and RA synovial membranes in pre-
established 22 types of IICs. The analysis result was fil-
tered complying with the cut-off criteria that adjusted-P 
value < 0.05, and the IICs composition of each sample was 
visualized using “barplot”, “corrplot” and “ggplot2” pack-
ages in R language version 3.6.1 [21].

Animal experiments
Male C57BL/6 (Grade SPF II) mice (8  weeks old; mean 
body weight = 25.5 g) were provided by Shanghai Super 
B&K Laboratory Animal Co. Ltd. (Certificate number: 
SCXK (Shanghai) 2013–0016). The animal experiments 
were in accordance with the China legislation on the use 
and care of laboratory animals and approved by the Med-
ical Norms and Ethics Committee of Zhejiang Chinese 
Medical University. C57BL/6 mice were randomly desig-
nated into 3 groups: OA group, RA group and NC group 
(n = 10 per group). Destabilization of the medial menis-
cus (DMM) was employed to establish OA model [22]. 
In brief, after anesthetized with 3% pentobarbital sodium 
(0.15 mL/100 g) intraperitoneally, the bilateral knee joints 

of mice were exposed through a medial capsular incision. 
Then, the medial meniscotibial ligament was transected, 
and the medial meniscus was displaced medially. Finally, 
the incision was washed with 20 mL saline and sutured. 
For the establishment of RA model, another 10 mice 
were randomly chosen to inject Complete Freund’s Adju-
vant (CFA) at bilateral knees (10 μL per knee) [23]. Sham 
operation was done in parallel, with only the skin of the 
knee joints resected. Mice were sacrificed 8 weeks after 
surgery.

Evaluation of arthritis severity and tactile sensitivity 
testing
To evaluate RA mice, a subjective scoring system [24] 
was applied in both lower limbs from the lowest grade 
of 0 to the highest grade of 4 (Table 1). Accordingly, the 
subjectivity of this score including ankylosis of the limb, 
arguably the severest form of arthritis, can be a concern 
for quantitative analysis of the RA model.

In OA model group, mice were acclimated for 30 min 
in closed chambers before von Frey testing (UGO, 
USA). The surface of bilateral hind paws was stimu-
lated with ascending force to determine tactile sensitiv-
ity. Afterwards, a rapid withdrawal of the tested paw was 
defined as a positive reaction, and the number of positive 
responses was recorded digitally [25].

Quantitative polymerase chain reaction (qPCR) assay
The 30 synovial samples were collected from mice after 
being sacrificed in a CO2 chamber. Total RNA was 
extracted with TRIzol reagent and quality controlled 
was conducted by NanoDrop2000 spectrophotometer 
(Thermo Scientific, USA). Then, reverse transcription 
was conducted to produce cDNA. The final qPCR reac-
tion was done in a 20 μL system, including 10 μL SYBR® 
Premix Ex Taq II (Tli RnaseH Plus), 0.4 μL gene specific 
forward primer, 0.4 μL gene specific reverse primer, 1 μL 
template cDNA and 8.2 μL RNase free water. The qPCR 
reaction was conducted with ABI QuantStudio™ 7 Flex 
Real-Time PCR System (Applied Biosystems, Thermo 
Scientific, USA), the reaction condition was as follows: 95 
ºC 5 min for initial denaturation, followed by 40 cycles of 
denaturation at 95 ºC for 10  s, annealing and extension 

Table 1  Scoring system for subjective evaluation of arthritis severity

Severity Degree of inflammation

0 No evidence of erythema and swelling

1 Erythema and mild swelling confined to the tarsals or ankle joint

2 Erythema and mild swelling extending from the ankle to the tarsals

3 Erythema and moderate swelling extending from the ankle to metatarsal joints

4 Erythema and severe swelling encompass the ankle, foot and digits, or ankylosis of the limb

http://cibersort.stanford.edu/
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at 60 ºC for 30 s [26]. β-actin was used as an internal ref-
erence. Relative mRNA expression level was calculated 
with 2−ΔΔCt method. Primer sequences of targeted genes 
were listed in Table 2.

Statistical analysis
The relative mRNA expression data were analyzed with 
one-way ANOVA followed by Fisher’s least significant 
difference (LSD) comparison. The mRNA data were 
performed with GraphPad Prism software version 6.0 
(GraphPad Software, Inc., La Jolla, CA). P-value < 0.05 
indicates there’s difference and P-value < 0.01 indicates 
significant difference. The statistical method of bioinfor-
matics analysis was completely performed by R software 
and specifically described in the part of each method.

Results
Basic datasets of OA and RA
In this study, we performed an integrative analysis of 
gene expression and the entire workflow was shown in 
Fig. 1. A total of 11 expression data sets of OA, RA, and 
NC were downloaded. Their GEO accession numbers are 
GSE1919, GSE12021  (GPL96 and GPL97), GSE29746, 
GSE36700, GSE39340, GSE55235, GSE55457, GSE55584, 
GSE77298, and GSE82107. To conclude, 265 human syn-
ovial membrane samples were enrolled in this study with 
all data merged. Among them, there were 88 OA samples, 
114 RA samples and 63 negative control (NC) samples. 
Figure 2 depicted the relevant details of the selection pro-
cess. All relevant information of these eleven GEO data-
sets was showed in Table 3.

DEGs screening
As shown in Fig. 3A, a total of 1723 and 1460 DEGs were 
identified in OA and RA samples, respectively, com-
pared with NC samples. Within the DEGs data, a total of 

1690 up-regulated genes and 33 down-regulated genes 
were indentified in OA group compared with NC group 
(Fig.  3B). While comparing RA group with NC group, 
1278 up-regulated genes and 182 down-regulated genes 
were indentified in the DEGs data (Fig. 3C). As shown in 
Fig.  3D, a total of 1116 genes were indentified in DEGs 
intersection from OA group and RA group, while all 
compared with NC group independently. Nevertheless, 
comparing OA with RA group, 1577 DEGs (OA vs. RA: 
44 up-regulated and 1533 down-regulated) were identi-
fied. Three heatmap diagrams of DEGs were represented 
in Fig. 3E and visually showing that these similar DEGs 
could significantly distinguish one from the other. The 
top 5 up- and down-regulated DEGs of the three groups 
were shown in Table 4. The probe expression matrix files 
downloaded from the GEO database were normalized 
and the three sets of data were shown in Fig. 3F.

GO pathway of OA‑specific and RA‑specific DEGs
GO annotations analysis showed that OA-specific DEGs 
(Table 5, Fig. 4A) were predominantly enriched in regu-
lation of neuron projection development, regulation 
of cell morphogenesis involved in differentiation, and 
positive regulation of neuron differentiation (for BP); 
nuclear speck, RNA polymerase II transcription factor 
complex, and adherens junction (for CC); protein serine/
threonine kinase activity, proximal promoter sequence-
specific DNA binding, and RNA polymerase II proximal 
promoter sequence-specific DNA binding (for MF). RA-
specific DEGs (Table 5, Fig. 4B) were primarily enriched 
in cell morphogenesis involved in neuron differentiation, 
regulation of cell morphogenesis involved in differentia-
tion, and positive regulation of neuron differentiation (for 
BP); nuclear speck, RNA polymerase II transcription fac-
tor complex, and transcription factor complex (for CC); 
protein serine/threonine kinase activity, SMAD binding, 

Table 2  Primer sequences of target genes

Gene Forward primer Reverse primer

β-actin 5′-AGG​GGC​CGG​ACT​CGT​CAT​ACT-3′ 5′-GGC​GGC​ACC​ACC​ATG​TAC​CCT-3′

RPS6 5′-AGC​TCC​GCA​CCT​TCT​ATG​AGA-3′ 5′-GGG​AAA​ACC​TTG​CTT​GTC​ATTC-3′

RPS14 5′-TGC​CAC​ATC​TTT​GCA​TCC​TTC-3′ 5′-ACT​CAT​CTC​GGT​CAG​CCT​TCA-3′

RPS25 5′-CCC​AGT​AAA​TAA​ATC​TGG​TGGCA-3′ 5′-CGG​AAC​CTC​CTT​ACA​GAG​CTT-3′

RPL11 5′-ATG​GCG​CAA​GAT​CAA​GGG​G-3′ 5′-GAC​TGT​GCA​GTG​AAC​AGC​AAT-3′

RPL27 5′-AAA​GCC​GTC​ATC​GTG​AAG​AAC-3′ 5′-GCT​GTC​ACT​TTC​CGG​GGA​TAG-3′

RPS29 5′-GTC​TGA​TCC​GCA​AAT​ACG​GG-3′ 5′-AGC​CTA​TGT​CCT​TCG​CGT​ACT-3′

SNRPE 5′-CAG​GGC​CAA​AAG​GTG​CAG​AA-3′ 5′-ATT​CAC​TTG​TTC​ATA​CAG​CCACA-3′

EEF2 5′-TGT​CAG​TCA​TCG​CCC​ATG​TG-3′ 5′-CAT​CCT​TGC​GAG​TGT​CAG​TGA-3′

RPL10A 5′-ATG​AGC​AGC​AAA​GTC​TCA​CG-3′ 5′-GGT​CGT​AGT​TCT​TCA​GGC​TGAT-3′

RPL19 5′-ATG​AGT​ATG​CTC​AGG​CTA​CAGA-3′ 5′-GCA​TTG​GCG​ATT​TCA​TTG​GTC-3′
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and proximal promoter sequence-specific DNA binding 
(for MF).

KEGG pathway of OA‑specific and RA‑specific DEGs
As shown in Fig. 4C, D, and Table 6, the top three signifi-
cantly enriched signaling pathways of OA-specific DEGs 
were EGFR tyrosine kinase inhibitor resistance, ubiqui-
tin mediated proteolysis, and FoxO signaling pathway. 
KEGG pathway analysis of DEGs showed that FoxO sign-
aling pathway, TGF-beta signaling pathway, and EGFR 

tyrosine kinase inhibitor resistance were the top three 
significantly enriched pathways in RA.

GSEA of involved signaling pathways
GSEA analysis unveiled that DEGs between OA and RA 
were significantly enriched in several pathways (Fig. 4E). 
We found that RA was significantly associated with the 
high expression of cell cycle (P = 0.0143), type II diabe-
tes mellitus (P = 0.0126), oocyte meiosis (P = 0.0201), 
spliceosome (P = 0.0432), and p53 signaling pathway 

Fig. 1  Schematic diagram of the whole study



Page 6 of 16Ge et al. Hereditas          (2021) 158:37 

Fig. 2  Flow chart of GEO series accession screening

Table 3  Summary information of studies included in analysis

GEO Gene Expression Omnibus, OA osteoarthritis, RA rheumatoid arthritis, NC normal control

GEO accession Author Public date Platform OA: RA: NC

GSE1919 Ungethuem U Nov 04, 2004 GPL91 [HG_U95A] Affymetrix Human Genome U95A Array 5:5:5

GSE12021 (GPL96) Huber R Sep 02, 2008 GPL96 [HG-U133A] Affymetrix Human Genome U133A Array 10:12:9

GSE12021 (GPL97) Huber R Sep 02, 2008 GPL97 [HG-U133B] Affymetrix Human Genome U133B Array 10:12:4

GSE29746 Del Rey MJ Oct 25, 2011 GPL4133 Agilent-014850 Whole Human Genome Microarray 4 × 44 K G4112F 
(Feature Number version)

11:9:11

GSE36700 Lauwerys BR Mar 27, 2012 GPL570 [HG-U133_Plus_2] Affymetrix Human Genome U133 Plus 2.0 Array 5:7:0

GSE39340 Chang X Oct 22, 2012 GPL10558 Illumina HumanHT-12 V4.0 expression beadchip 7:10:0

GSE55235 Woetzel D Feb 21, 2014 GPL96 [HG-U133A] Affymetrix Human Genome U133A Array 10:10:10

GSE55457 Woetzel D Mar 05, 2014 GPL96 [HG-U133A] Affymetrix Human Genome U134A Array 10:13:10

GSE55584 Woetzel D Mar 05, 2014 GPL96 [HG-U133A] Affymetrix Human Genome U135A Array 6:10:0

GSE77298 Broeren MG Jan 27, 2016 GPL570 [HG-U133_Plus_2] Affymetrix Human Genome U133 Plus 2.0 Array 0:16:7

GSE82107 de Vries M Jun 02, 2016 GPL570 [HG-U133_Plus_2] Affymetrix Human Genome U133 Plus 2.0 Array 10:0:7

GSE153015 Triaille C Jun 22, 2020 GPL570[HG-U133_Plus_2] Affymetrix Human Genome U133 Plus 2.0 Array 4:10:0

(See figure on next page.)
Fig. 3  The process of DEGs screening. A Venn diagram of shared DEGs between OA, RA and NC. The yellow circle represents DEGs in NC and OA, 
the blue circle represents DEGs in health and RA, and the red circle represents DEGs in OA and RA. B Volcano plot of all DEGs between health and 
OA. C Volcano plot of all DEGs between health and RA. D Volcano plot of all DEGs between OA and RA. E Heatmap of DEGs. The row represents the 
expression of DEG, and the column represents the samples. The different color scale represents the different expression levels. F Before and after 
normalization of DEGs in three groups
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Fig. 3  (See legend on previous page.)
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(P = 0.0452). OA, in contrast, had lower activities in these 
pathways.

PPI network and modules
The OA-specific PPI network consisted of 391 nodes 
and 483 edges (Fig. 5A), the top five hub nodes of which 
were RPS6 (ribosomal protein S6, degree = 19), RPS14 
(ribosomal protein S14, degree = 16), RPS19 (riboso-
mal protein S19, degree = 15), RPL11 (ribosomal protein 
L11, degree = 13) and RPS27 (ribosomal protein S27, 
degree = 13). The RA-specific PPI network consisted of 
273 nodes and 259 edges (Fig. 5B), the top five hub nodes 
of which were CTNNB1 (catenin beta 1, degree = 8), 
SNRPA1 (small nuclear ribonucleoprotein polypeptide A 
1, degree = 8), CDC42 (cell division cycle 42, degree = 7), 
PRPF8 (pre-mRNA processing factor 8, degree = 7) and 
MAD2L1 (mitotic arrest deficient 2 like 1, degree = 6). 
The PPI network constructed by DEGs between OA and 
RA was shown in Fig.  5C. In the top 20 connections of 
these three PPI networks, overlapped genes were shown 
in Fig. 5D. The top 10 hub genes identified between OA 
and RA (RPS6, RPS14, RPS25, RPL11, RPL27, RPS29, 
SNRPE, EEF2, RPL10A and RPL19) were selected for fur-
ther experimental verification.

Immune infiltration
In this study, the IICs in 22 subpopulations of immune 
cells were evaluated. As shown in Fig. 6A, the proportions 

and percentage of immune cells were depicted. The 
heatmap showed that the levels of NK cells activated, 
dendritic cells resting, T cells regulatory (Tregs) and 
macrophages M2 were relatively high in the 22 immune 
cells. The violin plot (Fig. 6B) indicated that the propor-
tions of B cells memory (P = 0.005), T cells regulatory 
(Tregs) (P = 0.003) and NK cells activated (P < 0.001) were 
relatively high in OA synovial tissues compared with that 
in RA synovial tissues, while B cells naive (P < 0.001), 
plasma cells (P = 0.004), T cells CD4 naive (P = 0.018), T 
cells CD4 memory activated (P = 0.001), dendritic cells 
activated (P = 0.003) and eosinophils (P < 0.001) were rel-
atively low in OA. The quantified contrast of the distribu-
tion of IICs subsets between OA and RA synovial tissues 
was shown in Fig.  6C. Interestingly, the result showed 
that there was a positive correlation between monocytes 
and B cells memory, and a negative correlation between 
dendritic cells activated and T cells CD8.

Validation of the key genes
After OA and RA mouse models were successfully estab-
lished (Fig. 7A and B), synovial tissue from OA, RA and 
NC mice were collected. qPCR assays were performed in 
these tissues to verify the expression of the identified top 
10 hub genes. Based on the qPCR results, the expression 
of RPS6, RPS14, RPS25, RPL11, RPL27, SNRPE, EEF2 
and RPL19 (Fig.  7C) were significantly down-regulated 
in RA mice compared with that in OA mice (P < 0.05). All 
validations except RPS29 and RPL10A were consistent 

Table 5  GO pathway analysis of differentially expressed genes

GO Gene Ontology, OA osteoarthritis, RA rheumatoid arthritis

Term ID Description Adj.P.Val Count

OA-specific BP GO:0,010,975 regulation of neuron projection development 3.97E-10 92

GO:0,010,769 regulation of cell morphogenesis involved in differentiation 3.97E-10 63

GO:0,045,666 positive regulation of neuron differentiation 6.79E-09 74

CC GO:0,016,607 nuclear speck 4.51E-10 78

GO:0,090,575 RNA polymerase II transcription factor complex 2.64E-09 37

GO:0,005,912 adherens junction 2.12E-08 87

MF GO:0,004,674 protein serine/threonine kinase activity 6.24E-10 80

GO:0,000,987 proximal promoter sequence-specific DNA binding 6.24E-10 91

GO:0,000,978 RNA polymerase II proximal promoter sequence-specific DNA binding 3.27E-09 86

RA-specific BP GO:0,048,667 cell morphogenesis involved in neuron differentiation 8.82E-10 87

GO:0,010,769 regulation of cell morphogenesis involved in differentiation 1.52E-09 56

GO:0,045,666 positive regulation of neuron differentiation 1.52E-09 68

CC GO:0,016,607 nuclear speck 1.53E-08 67

GO:0,090,575 RNA polymerase II transcription factor complex 1.17E-06 30

GO:0,005,667 transcription factor complex 1.15E-05 46

MF GO:0,004,674 protein serine/threonine kinase activity 2.69E-11 75

GO:0,046,332 SMAD binding 4.46E-08 25

GO:0,000,987 proximal promoter sequence-specific DNA binding 2.44E-06 72



Page 10 of 16Ge et al. Hereditas          (2021) 158:37 

Fig. 4  GO enrichment, KEGG terms and GSEA pathway analysis of DEGs. A GO terms in the OA-related enrichment analysis of DEGs. B GO terms in 
the RA-related enrichment analysis of DEGs. C OA-related pathway enrichment analysis of DEGs. D RA-related pathway enrichment analysis of DEGs. 
E GSEA analysis of DEGs between OA and RA
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Table 6  KEGG analysis of differentially expressed genes

KEGG Kyoto Encyclopedia of Genes and Genomes, OA osteoarthritis, RA rheumatoid arthritis

Term ID Description Adj.P.Val Count

OA-specific hsa01521 EGFR tyrosine kinase inhibitor resistance 7.94E-06 27

hsa04120 Ubiquitin mediated proteolysis 7.94E-06 38

hsa04068 FoxO signaling pathway 1.88E-05 36

hsa04012 ErbB signaling pathway 2.08E-05 27

hsa05215 Prostate cancer 2.59E-05 29

hsa04910 Insulin signaling pathway 9.18E-05 35

hsa04350 TGF-beta signaling pathway 1.10E-04 27

hsa04931 Insulin resistance 1.53E-04 29

hsa05205 Proteoglycans in cancer 1.53E-04 45

RA-specific hsa04068 FoxO signaling pathway 2.39E-05 33

hsa04350 TGF-beta signaling pathway 3.84E-05 26

hsa01521 EGFR tyrosine kinase inhibitor resistance 3.84E-05 23

hsa04012 ErbB signaling pathway 3.84E-05 24

hsa04120 Ubiquitin mediated proteolysis 1.12E-04 31

hsa04510 Focal adhesion 1.12E-04 40

hsa04931 Insulin resistance 2.05E-04 26

hsa04151 PI3K-Akt signaling pathway 2.23E-04 59

hsa05215 Prostate cancer 2.23E-04 24

Fig. 5  Hub genes of OA-specific and RA-specific PPI networks. A OA relative PPI network. B RA relative PPI network. C PPI network constructed by 
DEGs between OA and RA. D Three groups of top 20 connections in PPI network. The red and blue rectangles represent the proteins encoded by up 
or down-regulated DEGs, respectively. The larger rectangles indicate the higher degree in networks
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with the microarray data and analytical results in this 
study.

Discussion
Recently, with increasing aging populations and chronic 
conditions, both OA and RA have become the most 
common causes of musculoskeletal-related chronic joint 
disorders in elders [27, 28]. Although multiple diagnos-
tic and therapeutic approaches are available for OA and 
RA, the clinical outcomes are still not satisfactory [29]. 
Genomic studies have been widely used to enhance the 
diagnosis and treatment of many diseases, including OA 
and RA [14]. To investigate the mechanisms underlying 
OA and RA, we systematically analyzed these multiple 
microarray data sets using an integrated method with the 
largest sample size so far.

A total of 1723 OA-specific DEGs (1690 up- and 33 
down-regulated genes) were screened. Among them, 
1683 overlapping genes were obtained, and 71 DEGs 
were acquired, such as TPM2, NCAM2, and MFHAS1, 
after eliminating RA-related genes. Ubiquitin was signif-
icantly enriched in OA-related GO terms and pathways 

of DEGs. The study found 1460 RA-specific DEGs in 
total (1278 up- and 182 down-regulated genes). A total 
of 40 RA-specific genes were acquired, such as CUX1, 
KANK1, and MBTPS2. These DEGs may be important to 
explain the occurrence and progression of OA and RA. 
Moreover, three PPI networks of multigroup DEGs were 
established using STRING and overlapped connected 
nodes were constructed to further explore the deep rela-
tionship of OA and RA. The top 10 distinguished hub 
genes, including RPS6, RPS14, RPS25, RPL11, RPL27, 
SNRPE, EEF2, RPS29, RPL10A and RPL19, were identi-
fied and verified in OA and RA synovial samples. The 
qPCR results showed that, except RPS29 and RPL10A, 
the other 8 hub genes were consistent with our bioin-
formatic analysis. The inconsistent expression pattern of 
RPS29 and RPL10A might due to different species (bio-
informatic data in human and validation in mice), which 
finally lead to minor differences in certain genes.

Phosphorylating ribosomal S6 protein kinase (RPS6) 
was the core gene in PPI network and we discovered 
inextricably linked with pathways in this study. RPS6 par-
ticipated in the mammalian target of rapamycin (mTOR) 

Fig. 6  The profiles of immune infiltration between OA and RA. A The percentage of 22 subpopulations of IICs. B Violin plot showing the difference 
of immune infiltration between OA (Marked as blue color on the left) and RA (Marked as red color on the right). Adjusted-P values < 0.05 were 
considered as statistical significance. C The correlation analysis of the 22 immune cells. The red color represents the positive relationship between 
two immune cells and the blue color represents the negative relationship between two immune cells. The darker color indicates the stronger 
correlation
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signal pathway and was triggered by anabolic signals [30]. 
mTOR is well known upstream regulator of autophagy. 
Autophagy has been demonstrated to be responsible 
for cellular homeostasis and metabolic regulation, and 
plays an essential role in the development of structural 
changes and aging in cartilage [31, 32]. Evidences sug-
gested that the expression of mTOR increased in OA 
joint cartilage, and genetic or pharmaceutical inhibition 
of mTOR signaling could activate autophagy and protect 
mice against OA [33, 34]. KEGG pathway analysis iden-
tified top enriched PI3K/Akt signaling pathway had also 
been reported to involve in OA pathology via modulating 
autophagy [35, 36].

Ubiquitin mediated proteolysis is one of top three 
pathways enriched in OA-specific DEGs. Previous stud-
ies suggested that the biological process of ubiquitina-
tion and the proteasome led to OA by regulating the 
expression of inflammatory cytokines [37]. Frank et  al. 
found that ubiquitin was an integral part of ubiquitin-like 

proteins, which covered the Small Ubiquitin-related 
Modifiers (SUMO) [38]. Histological analysis of synovial 
tissue obtained from OA and RA patients demonstrated 
a correlation between SUMO and MMP13, a well-estab-
lished catabolic factor for cartilage degeneration, and 
SUMO-2/3 under TNF-α stimulation could selectively 
affect MMP expression via the NF-κB pathway [39].

EGFR signaling pathway, enriched as EGFR tyrosine 
kinase inhibitor resistance in both OA- and RA-specific 
DEGs, was necessary for regulating the proliferation, sur-
vival and biological properties of joint superficial chon-
drocytes [40]. It also played a pivotal role in growth plate 
development and secondary ossification center formation 
[41, 42]. Sun et al. identified a subgroup of OA patients 
displaying high expression levels of EGFR, and suggested 
that EGFR could be a promising target for OA therapy 
[43]. Another study also suggested that modulation of the 
EGFR pathway promoted mesochondrium synthesis and 
suppressed OA cartilage degradation [44].

Fig. 7  Animal experiments. A Assessing the OA model using the mechanical allodynia. B Arthritis index score to assess RA model. C Relative mRNA 
expressions of target genes in synovial membrane from NC, OA and RA mice. Values are presented as mean ± SD. #P < 0.05 or ##P < 0.01 vs. NC group; 
**P < 0.01 vs. OA group
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FoxO signaling pathway was also enriched in both OA- 
and RA-specific DEGs. Lee et al. identified FoxO3 activ-
ity as a severity marker for RA, via modulating cytokine 
production in monocytes, and a FoxO3a haplotype was 
related to erosion scores in adult RA [45]. Some studies 
reported that in RA joint synovial tissue, modulation of 
known transcriptional FoxO-related factors played a role 
in integrating inflammatory stimuli to regulate cell sur-
vival and apoptosis [46]. Besides, FoxO signaling also 
plays a vital role in OA. In humans and mice, dysregu-
lated FoxO expression and activation had been reported 
to be involved in cartilage aging and OA, and FoxO dele-
tion in mice led to more severe cartilage damage [47, 48].

TGF-beta signaling pathway was enriched only in RA-
specific DEGs based on this study. As known that TGF-
beta executed different actions in RA and OA synovial 
fibroblasts. Tetsuji Kobata found that TGF-beta reduced 
OPG production by RA synovial fibroblasts, but dose-
dependently increased OPG secretion in OA synovial 
fibroblasts [49]. Another study reported that compared 
with fibroblast-like synoviocytes (FLS) derived from OA 
patients, RA FLS displayed TGF-beta-dependent overex-
pression of non-receptor protein tyrosine phosphatase 14 
(PTPN14), which promoted TGF-beta canonical signal-
ing in turn [50]. Xu Cao et. al had reported that in RA 
mouse and rat model, aberrant activation of TGF-beta 
in the subchondral bone was involved at the onset of RA 
joint cartilage degeneration, and they insisted that the 
pathogenesis of cartilage degeneration in RA and OA 
may converge on the aberrant activation of TGF-beta in 
the subchondral bone [51]. Hence, TGF-beta signaling 
might contribute to distinguished diagnosis and treat-
ment between OA and RA.

Previous studies and experiments validation had shown 
that top genes and pathways enriched in our analysis 
were quite reliable. Nevertheless, our study still had some 
limitations that needed to be improved. First, the GEO 
database in this study was the only resource to acquire 
related data and perform data mining. Second, both OA 
and RA mouse models could not entirely duplicate the 
occurrence of OA and RA in humans, so the qPCR vali-
dation might to some extent showed inconsistency with 
human GEO data. Thus, a multicenter, larger-scale clini-
cal survey was an indispensable step for further research.

Conclusions
In this study, multiple similar genes and signaling path-
ways were revealed to be simultaneously involved in 
both OA and RA. Then, genes and pathways present in 
different patterns offered us new clues to discover poten-
tial biomarkers and underlying molecular mechanisms 
for OA and RA, respectively. Our findings might also 

contribute to the differential diagnosis of OA and RA 
focusing on synovial membrane, though large samples 
and sophisticated algorithms are necessitated for further 
research.

Acknowledgements
This manuscript has been preprinted in researchsquare (https://​www.​resea​
rchsq​uare.​com/​artic​le/​rs-​564869/​v1).

Authors’ contributions
Yanzhi Ge, Zuxiang Chen and Haipeng Xu analyzed and extracted the data, 
contributed analysis tools. Yanzhi Ge, Yanbin Fu, Xiujuan Xiao and Li Zhou 
prepared figures and tables. Yanzhi Ge, Letian Shan and Li Zhou wrote the 
main protocol and prepared the manuscript. Letian Shan, Li Zhou and Peijian 
Tong conceived and designed the study. All authors read and approved the 
final manuscript.

Funding
This work was supported by Zhejiang Education Commission [grant number 
Y202044541 to author Yanzhi Ge], National Natural Science Foundation of 
China [grant number 81774331 and 82074464 to author Letian Shan], Zheji-
ang Natural Science Foundation Young Scholars [grant number LQ20H270009 
to author Li Zhou], Zhejiang Traditional Chinese Medical Science Foundation 
[grant number 2020ZA039 to author Li Zhou] and Natural Science Foundation 
of Zhejiang Chinese Medical University [grant number 020ZG42 to author Li 
Zhou].

Availability of data and materials
The datasets used and/or analyzed during the current study are available from 
GEO database (https://​www.​ncbi.​nlm.​nih.​gov/​geo/) and the corresponding 
author on reasonable request.

Declarations

Ethics approval and consent to participate
Not applicable.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Author details
1 The First Affiliated Hospital, Zhejiang Chinese Medical University, Hangzhou, 
Zhejiang, P. R. China. 2 Guangdong Provincial People’s Hospital, Guangdong 
Academy of Medical Sciences, School of Medicine, South China University 
of Technology, Guangzhou, Guangdong, P. R. China. 3 College of Pharmacy, 
Zhejiang Chinese Medical University, Hangzhou, P. R. China. 4 The Third Clinical 
Medical College, Zhejiang Chinese Medical University, Hangzhou, Zhejiang, P. 
R. China. 

Received: 3 July 2021   Accepted: 1 September 2021

References
	1.	 Hunter DJ, Bierma-Zeinstra S. Osteoarthritis. Lancet. 

2019;393(10182):1745–59.
	2.	 Bartok B, Firestein GS. Fibroblast-like synoviocytes: key effector cells in 

rheumatoid arthritis. Immunol Rev. 2010;233(1):233–55.
	3.	 Misra S, Mondal S, Chatterjee S, Guin A, Sinhamahapatra P, Ghosh A. 

Association of angiogenic and inflammatory markers with power doppler 
ultrasound vascularity grade and DAS28-CRP in early rheumatoid arthri-
tis: A comparative analysis. Biomed Res Int. 2018;2018:6906374.

	4.	 Ma VY, Chan L, Carruthers KJ. Incidence, prevalence, costs, and impact on 
disability of common conditions requiring rehabilitation in the United 
States: stroke, spinal cord injury, traumatic brain injury, multiple sclerosis, 

https://www.researchsquare.com/article/rs-564869/v1
https://www.researchsquare.com/article/rs-564869/v1
https://www.ncbi.nlm.nih.gov/geo/


Page 15 of 16Ge et al. Hereditas          (2021) 158:37 	

osteoarthritis, rheumatoid arthritis, limb loss, and back pain. Arch Phys 
Med Rehabil. 2014;95(5):986.

	5.	 Wasserman AM. Diagnosis and management of rheumatoid arthritis. Am 
Fam Physician. 2011;84(11):1245–52.

	6.	 Rees HW. Management of osteoarthritis of the hip. J Am Acad Orthop 
Surg. 2019;28(7):e288–91.

	7.	 Reum Son A, Kim DY, Hun Park S, Yong Jang J, Kim K, Ju Kim B, et al. Direct 
chemotherapeutic dual drug delivery through intra-articular injection 
for synergistic enhancement of rheumatoid arthritis treatment. Sci Rep. 
2015;5:14713.

	8.	 DeRogatis M, Anis HK, Sodhi N, Ehiorobo JO, Chughtai M, Bhave A, et al. 
Non-operative treatment options for knee osteoarthritis. Ann Transl Med. 
2019;7(Suppl 7):S245.

	9.	 Maderbacher G, Greimel F, Schaumburger J, Grifka J, Baier C. The knee joint 
in rheumatoid arthritis-current orthopaedic surgical treatment options. Z 
Rheumatol. 2018;77(10):882–8.

	10.	 King LK, Marshall DA, Faris P, Woodhouse L, Jones CA, Noseworthy T, et al. 
Use of recommended non-surgical knee osteoarthritis management in 
patients prior to total knee arthroplasty: a cross-sectional study. J Rheuma-
tol. 2019;47(8):1253–60.

	11.	 Heidari B. Knee osteoarthritis prevalence, risk factors, pathogenesis and 
features: Part I. Caspian J Intern Med. 2011;2(2):205–12.

	12.	 Townsend MJ. Molecular and cellular heterogeneity in the rheumatoid 
arthritis synovium: clinical correlates of synovitis. Best Pract Res Clin Rheu-
matol. 2014;28(4):539–49.

	13.	 Yoshii I, Akita K. Cortical thickness relative to the transverse diameter of third 
metacarpal bone reflects bone mineral density in patients with rheumatoid 
arthritis. Bone. 2020;137:115405.

	14.	 Lu Q-Y, Han Q-H, Li X, Li Z-C, Pan Y-T, Liu L, et al. Analysis of differentially 
expressed genes between rheumatoid arthritis and osteoarthritis based on 
the gene co-expression network. Mol Med Rep. 2014;10(1):119–24.

	15.	 Liu F-Q. Analysis of differentially expressed genes in rheumatoid arthritis 
and osteoarthritis by integrated microarray analysis. J Cell Biochem. 
2019;120(8):12653–64.

	16.	 Huang DW, Sherman BT, Lempicki RA. Bioinformatics enrichment tools: 
paths toward the comprehensive functional analysis of large gene lists. 
Nucleic Acids Res. 2009;37(1):1–13.

	17.	 Reimand J, Isserlin R, Voisin V, Kucera M, Tannus-Lopes C, Rostamianfar 
A, et al. Pathway enrichment analysis and visualization of omics data 
using g:Profiler, GSEA, Cytoscape and EnrichmentMap. Nat Protoc. 
2019;14(2):482–517.

	18	 Szklarczyk D, Franceschini A, Kuhn M, Simonovic M, Roth A, Minguez P, et al. 
The STRING database in 2011: functional interaction networks of proteins, 
globally integrated and scored. Nucleic Acids Res. 2011;39(Database 
issue):D561–8.

	19.	 Szklarczyk D, Gable AL, Lyon D, Junge A, Wyder S, Huerta-Cepas J, et al. 
STRING v11: protein-protein association networks with increased coverage, 
supporting functional discovery in genome-wide experimental datasets. 
Nucleic Acids Res. 2019;47(D1):D607–13.

	20.	 Newman AM, Liu CL, Green MR, Gentles AJ, Feng W, Xu Y, et al. Robust 
enumeration of cell subsets from tissue expression profiles. Nat Methods. 
2015;12(5):453–7.

	21.	 Zhang H, Liu R, Sun L, Guo W, Ji X, Hu X. Comprehensive analysis of gene 
expression changes and validation in hepatocellular carcinoma. Onco 
Targets Ther. 2021;14:1021–31.

	22.	 Glasson SS, Blanchet TJ, Morris EA. The surgical destabilization of the medial 
meniscus (DMM) model of osteoarthritis in the 129/SvEv mouse. Osteoar-
thritis Cartilage. 2007;15(9):1061–9.

	23.	 Torres-Guzman AM, Morado-Urbina CE, Alvarado-Vazquez PA, Acosta-Gon-
zalez RI, Chávez-Piña AE, Montiel-Ruiz RM, et al. Chronic oral or intraarticular 
administration of docosahexaenoic acid reduces nociception and knee 
edema and improves functional outcomes in a mouse model of complete 
Freund’s Adjuvant-induced knee arthritis. Arthritis Res Ther. 2014;16(2):R64.

	24.	 Brand DD, Latham KA, Rosloniec EF. Collagen-induced arthritis. Nat Protoc. 
2007;2(5):1269–75.

	25	 Hwang HS, Park IY, Hong JI, Kim JR, Kim HA. Comparison of joint degenera-
tion and pain in male and female mice in DMM model of osteoarthritis. 
Osteoarthritis Cartilage. 2021;29:728–38.

	26.	 Yan L, Zhou L, Xie D, Du W, Chen F, Yuan Q, et al. Chondroprotective 
effects of platelet lysate towards monoiodoacetate-induced arthritis by 

suppression of TNF-α-induced activation of NF-ĸB pathway in chondrocytes. 
Aging. 2019;11(9):2797–811.

	27.	 Woolf AD, Pfleger B. Burden of major musculoskeletal conditions. Bull World 
Health Organ. 2003;81(9):646–56.

	28.	 Neogi T. The epidemiology and impact of pain in osteoarthritis. Osteoarthr 
Cartil. 2013;21(9):1145–53.

	29.	 Long NP, Park S, Anh NH, Min JE, Yoon SJ, Kim HM, et al. Efficacy of inte-
grating a novel 16-gene biomarker panel and intelligence classifiers for 
differential diagnosis of rheumatoid arthritis and osteoarthritis. J Clin Med. 
2019;8(1):50.

	30.	 Chauvin C, Koka V, Nouschi A, Mieulet V, Hoareau-Aveilla C, Dreazen A, et al. 
Ribosomal protein S6 kinase activity controls the ribosome biogenesis 
transcriptional program. Oncogene. 2014;33(4):474–83.

	31	 Ribeiro M, López de Figueroa P, Blanco FJ, Mendes AF, Caramés B. Insulin 
decreases autophagy and leads to cartilage degradation. Osteoarthr Cartil. 
2016;24(4):731–9.

	32.	 Matsuzaki T, Alvarez-Garcia O, Mokuda S, Nagira K, Olmer M, Gamini R, et al. 
FoxO transcription factors modulate autophagy and proteoglycan 4 in carti-
lage homeostasis and osteoarthritis. Sci Transl Med. 2018;10(428):eaan0746.

	33.	 Caramés B, Hasegawa A, Taniguchi N, Miyaki S, Blanco FJ, Lotz M. Autophagy 
activation by rapamycin reduces severity of experimental osteoarthritis. Ann 
Rheum Dis. 2012;71(4):575–81.

	34.	 Zhang Y, Vasheghani F, Li Y-H, Blati M, Simeone K, Fahmi H, et al. Cartilage-
specific deletion of mTOR upregulates autophagy and protects mice from 
osteoarthritis. Ann Rheum Dis. 2015;74(7):1432–40.

	35.	 Conn CS, Qian S-B. mTOR signaling in protein homeostasis: less is more? Cell 
Cycle. 2011;10(12):1940–7.

	36.	 Fenton TR, Gout IT. Functions and regulation of the 70kDa ribosomal S6 
kinases. Int J Biochem Cell Biol. 2011;43(1):47–59.

	37.	 Radwan M, Wilkinson DJ, Hui W, Destrument APM, Charlton SH, Barter 
MJ, et al. Protection against murine osteoarthritis by inhibition of the 
26S proteasome and lysine-48 linked ubiquitination. Ann Rheum Dis. 
2015;74(8):1580–7.

	38.	 Frank S, Peters MA, Wehmeyer C, Strietholt S, Koers-Wunrau C, Bertrand J, 
et al. Regulation of matrixmetalloproteinase-3 and matrixmetalloprotein-
ase-13 by SUMO-2/3 through the transcription factor NF-κB. Ann Rheum 
Dis. 2013;72(11):1874–81.

	39.	 Huang TT, Wuerzberger-Davis SM, Wu Z-H, Miyamoto S. Sequential modifi-
cation of NEMO/IKKgamma by SUMO-1 and ubiquitin mediates NF-kappaB 
activation by genotoxic stress. Cell. 2003;115(5):565–76.

	40.	 Jia H, Ma X, Tong W, Doyran B, Sun Z, Wang L, et al. EGFR signaling is critical 
for maintaining the superficial layer of articular cartilage and preventing 
osteoarthritis initiation. Proc Natl Acad Sci USA. 2016;113(50):14360–5.

	41.	 Zhang X, Siclari VA, Lan S, Zhu J, Koyama E, Dupuis HL, et al. The critical role 
of the epidermal growth factor receptor in endochondral ossification. J 
Bone Miner Res. 2011;26(11):2622–33.

	42.	 Zhang X, Zhu J, Li Y, Lin T, Siclari VA, Chandra A, et al. Epidermal growth 
factor receptor (EGFR) signaling regulates epiphyseal cartilage development 
through β-catenin-dependent and -independent pathways. J Biol Chem. 
2013;288(45):32229–40.

	43.	 Sun H, Wu Y, Pan Z, Yu D, Chen P, Zhang X, et al. Gefitinib for epidermal 
growth factor receptor activated osteoarthritis subpopulation treatment. 
EBioMedicine. 2018;32:223–33.

	44.	 Daneshmand M, Parolin DAE, Hirte HW, Major P, Goss G, Stewart D, et al. A 
pharmacodynamic study of the epidermal growth factor receptor tyrosine 
kinase inhibitor ZD1839 in metastatic colorectal cancer patients. Clin Cancer 
Res. 2003;9(7):2457–64.

	45.	 Schaid DJ, Chen W, Larson NB. From genome-wide associations to 
candidate causal variants by statistical fine-mapping. Nat Rev Genet. 
2018;19(8):491–504.

	46.	 Reedquist KA, Ludikhuize J, Tak PP. Phosphoinositide 3-kinase signalling 
and FoxO transcription factors in rheumatoid arthritis. Biochem Soc Trans. 
2006;34(Pt 5):727–30.

	47.	 Akasaki Y, Hasegawa A, Saito M, Asahara H, Iwamoto Y, Lotz MK. Dysregu-
lated FOXO transcription factors in articular cartilage in aging and osteoar-
thritis. Osteoarthritis Cartilage. 2014;22(1):162–70.

	48.	 Lee KI, Choi S, Matsuzaki T, Alvarez-Garcia O, Olmer M, Grogan SP, et al. 
FOXO1 and FOXO3 transcription factors have unique functions in meniscus 
development and homeostasis during aging and osteoarthritis. Proc Natl 
Acad Sci U S A. 2020;117(6):3135–43.



Page 16 of 16Ge et al. Hereditas          (2021) 158:37 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

	49.	 Hase H, Kanno Y, Kojima H, Sakurai D, Kobata T. Coculture of osteoclast pre-
cursors with rheumatoid synovial fibroblasts induces osteoclastogenesis via 
transforming growth factor beta-mediated down-regulation of osteoprote-
gerin. Arthritis Rheum. 2008;58(11):3356–65.

	50.	 Bottini A, Wu DJ, Ai R, Le Roux M, Bartok B, Bombardieri M, et al. PTPN14 
phosphatase and YAP promote TGFβ signalling in rheumatoid synoviocytes. 
Ann Rheum Dis. 2019;78(5):600–9.

	51.	 Xu X, Zheng L, Bian Q, Xie L, Liu W, Zhen G, et al. Aberrant activation of 
TGF-β in subchondral bone at the onset of rheumatoid arthritis joint 
destruction. J Bone Miner Res. 2015;30(11):2033–43.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Identification and validation of hub genes of synovial tissue for patients with osteoarthritis and rheumatoid arthritis
	Abstract 
	Background: 
	Methods: 
	Results: 
	Conclusion: 

	Background
	Materials and methods
	Microarray data
	Integration of microarray data and screening of DEGs
	Gene ontology (GO) and pathway enrichment analysis
	Gene set enrichment analysis (GSEA)
	PPI network analysis
	Immune infiltration cells (IICs)
	Animal experiments
	Evaluation of arthritis severity and tactile sensitivity testing
	Quantitative polymerase chain reaction (qPCR) assay
	Statistical analysis

	Results
	Basic datasets of OA and RA
	DEGs screening
	GO pathway of OA-specific and RA-specific DEGs
	KEGG pathway of OA-specific and RA-specific DEGs
	GSEA of involved signaling pathways
	PPI network and modules
	Immune infiltration
	Validation of the key genes

	Discussion
	Conclusions
	Acknowledgements
	References


