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Abstract 

Background Increasing evidence indicates that psoriasis (PSO) and periodontitis (PD) are likely to occur together, 
however, the underlying mechanism remains unclear.

Materials and methods The expression profiles of PSO (lesion vs non-lesion, GSE30999, GSE14905) and PD (affected 
vs unaffected gingival tissue, GSE16134, GSE10334) were downloaded from the GEO database. First, we investigated 
the common differentially expressed genes (DEGs) of PSO and PD. Then, GO and KEGG enrichment analysis, protein 
interaction network (PPI) construction, and hub gene identification analysis were carried out. Finally, GO and KEGG 
enrichment analysis, miRNA interaction analysis, and transcription factors (TFs) interaction analysis for hub genes were 
performed.

Results Eighteen DEGs were identified for further analysis, including 15 up-regulated genes and 3 down-regu-
lated genes. 9 hub genes were then identified via Cytohubba, including IL1B, CXCL1, CXCL8, MMP12, CCL18, SELL, 
CXCL13, FCGR3B, and SELE. Their functions are mainly enriched in two aspects: neutrophil chemotaxis and migra-
tion, chemokine activation and interaction. The enriched signaling pathways includes three categories: host defense, 
inflammation-related signaling pathways, and disease-related pathways. 9 common miRNAs based on experimental 
evidence and 10 common TFs were further identified in both PSO and PD.

Conclusion Our study revealed possible comorbidity mechanisms in PSO and PD from the perspective of bioinfor-
matics tentatively. The data can present new insight for joint prevention and treatment of in PSO and PD, as well as 
provide data support for further prospective studies.

Keywords Psoriasis, Periodontitis, Differentially expressed genes (DEGs), Comorbidity, Bioinformatics

Introduction
Psoriasis (PSO) is an immune-mediated inflammatory 
skin disease that affects more than 60 million adults and 
children worldwide [1]. It’s defined by abnormal and 
rapid keratinocyte differentiation and thickened epider-
mis [2]. Several systemic disorders are associated with it, 
including obesity, hypertension, hyperlipidemia, diabe-
tes, metabolic syndrome, heart disease, etc. [3]. Strepto-
coccal infection, trauma, certain medications, smoking, 
abuse of alcohol and stress all contribute to PSO [4]. It is 
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important to note that the pathogenesis of PSO is highly 
complex, involving both classical immune cells and tis-
sue cells. By producing cytokines such as TNF-α, IFN-γ, 
IL-17, and IL-22, these cells promote epidermal hyper-
proliferation and the production of numerous antimi-
crobial proteins, growth factors, and chemokines [5]. A 
current understanding holds that the IL-17/23 signaling 
axis is a dominant role of PSO occurrence and develop-
ment [6].

Periodontitis (PD), affecting roughly 10%-15% people 
worldwide, is a chronic and destructive periodontal dis-
ease that results from several dynamic interactions [7]. 
Inflammation of the periodontal tissue and resorption of 
alveolar bone is an important feature of this disease [8]. 
Numerous chronic diseases are associated with it, includ-
ing cardiovascular disease, Alzheimer’s disease, Diabetes, 
Rheumatoid arthritis, etc. [9]. Both periodontal bacteria 
and host immunity are involved in the occurrence and 
development of PD [10]. A pathogenic complex of Por-
phyromonas gingivalis, Treponema dentate, and For-
sythia was once thought to play a significant role in the 
occurrence of PD based on isolation and culture studies. 
With the development of immunological research, it has 
become increasingly clear that local host immunity plays 
a vital role. Furthermore, a complex regulatory network 
comprised of cytokines and inflammatory cells explains 
the connection between PD and its complications, 
including IL-1, IL-6, IL-17, TNF, Th17 cell and Treg cell-
related cytokines [11].

The above contents suggest that both PSO and PD 
are related to amounts of systemic diseases and inflam-
matory response. Meanwhile, more and more evidence 
indicates that there is a bidirectional association between 
PSO and PD from the perspective of clinical research. 
Several observational researches have shown that indi-
viduals with PSO have significantly more tooth loss, 
more plaque and bleeding sites on probing, and a sig-
nificantly higher prevalence of PD than controls [12–14]. 
Researchers found that poor living habits such as smok-
ing and drinking interfered with the correlation between 
patients with PSO and PD in univariate analysis. When 
confounding factors were removed from the analysis, 
the hazard ratio between PSO and PD was reduced, but 
remained statistically significant [15, 16]. What’s more, 
some cohort studies have emphasized this bidirectional 
association. In PSO, after 15  years of follow-up, the 
research showed an overall increased risk of new PD in 
patients with PSO, such as increased risk of PD in mild 
PSO (IRR = 1.66), severe PSO (IRR = 2.24) and psoriatic 
arthritis (IRR = 3.48) compared with the control [17].In 
PD, a prospective study noted an increased risk of PSO 
in PD patients (HR = 1.52, 95%CI = 1.38–1.70) after 
5-years follow-up [18].Another study with a large sample 

found that there is a significantly higher risk of PSO in 
PD patients compared to non-PD patients (HR = 1.116, 
95%CI = 1.101–1.13) over 9 years of follow-up [19]. Con-
trary to what is generally believed, one literature reported 
that the periodontal debris index, calculus index, and 
plaque index were comparable between PSO and control, 
but there was no statistically difference [20]. Nonetheless, 
multiple systematic reviews and meta-analyses point to a 
strong association between PSO and PD [21–23].

Despite the strong clinical correlation between PSO 
and PD, the underlying mechanisms remain unclear. 
Based on previous studies, we speculated that there are 
similar mechanisms in the pathogenesis of PSO and PD, 
such as some common DEGs and pathways. To verify 
this hypothesis, Bioinformatics is an ideal approach and 
perspective. It’s a tool designed to understand biologi-
cal phenomena using information science and statistical 
methods, which is widely used in deep sequencing, imag-
ing and mass spectrometry analysis, and plays an impor-
tant role in the study of molecular mechanisms such as 
tumors, systemic diseases and rare diseases [24].

Hence, the purpose of this study is to understand the 
correlation between PSO and PD, and explore the under-
lying comorbidity mechanism through bioinformatics 
analysis. So as to provide certain data support and break-
through point for the joint prevention and treatment of 
PSO and PD.

Results
Information of GEO datasets
Based on the criteria we established before, GSE30999, 
GSE14905, GSE16134 and GSE10334 were obtained. The 
information of these datasets was shown in (Supplemen-
tary Table 1), including the disease types, platforms, sam-
ple types, and quantities.

Identification of common DEGs
As shown in the flowchart (Fig.  1),there were 2087 
DEGs obtained in GSE30999, 1138 in GSE14905, 156 in 
GSE16134 and 125 in GSE10334(Fig. 2A,B,C,D). A Venn 
diagram intersection revealed 15 common upregulated 
DEGs and 3 common downregulated DEGs (Fig. 2E, F).

Enrichment analysis of common DEGs
Analysis of GO and KEGG pathway enrichment were 
performed to explore the functions and pathways of 
the 18 common DEGs. From GO analysis, we found 
that these common DEGs enrich in neutrophil chem-
otaxis (P.adjust = 5.48784E-06), neutrophil migra-
tion (P.adjust = 5.48784E-06), chemokine activity 
(P.adjust = 5.25019E-06), chemokine receptor binding 
(P.adjust = 8.84745E-06), CXCR chemokine receptor 
binding (P.adjust = 0.000475041) (Fig.  3A). According 
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to KEGG pathway, the four major enrichment path-
ways are Cytokine-cytokine receptor interaction 
(P.adjust = 2.95035E-05), Chemokine signaling path-
way (P.adjust = 0.001183363), IL-17 signaling pathway 
(P.adjust = 0.002095938), NF-kappa B (NF-κB) signaling 
pathway (P.adjust = 0.002095938) (Fig. 3B). These results 
strongly suggest that neutrophil chemotaxis, inflamma-
tory factors, and autoimmunity are primarily responsible 
for the comorbidity of PSO and PD.

PPI network construction and identification of hub genes
Cytoscape was used to build PPI networks contain-
ing 14 nodes and 33 interactions for the common DEGs 
(Fig. 3C). The hub genes were evaluated and selected by 
seven common algorithms of Cytohubba (Supplementary 
Table  2). 9 hub genes were acquired at the intersection 
of the Upset diagram, including IL1B, CXCL1, CXCL8, 
MMP12, CCL18, SELL, CXCL13, FCGR3B, and SELE 
(Fig. 4A). The details of their roles were searched in the 
HGNC database (Supplementary Table 3).

Co‑expression and enrichment analysis of hub genes
According to the co-expression network of hub genes, we 
obtained the top 7 related functions and different weight 

of interaction, including co-expression of 46.46%, shared 
protein domains 21.24%, physical interactions of 14.35%, 
co-localization of 13.92%, predicted of 4.03% (Fig.  4B). 
The GO analysis revealed that these genes mostly 
regulate neutrophil chemotaxis (P.adjust = 2.04559E-
07), neutrophil migration (P.adjust = 2.39494E-07), 
chemokine activity (P.adjust = 2.19922E-07), chemokine 
receptor binding (P.adjust = 3.72607E-07), cytokine 
activity (P.adjust = 3.89078E-07), cytokine recep-
tor binding (P.adjust = 1.08135E-06), receptor ligand 
activity (P.adjust = 1.14917E-05) (Fig.  4C). Meanwhile, 
The KEGG pathway of these hub genes was revealed, 
including Cytokine-cytokine receptor interaction 
(P.adjust = 9.16908E-05), Chemokine signaling path-
way (P.adjust = 0.000229325), IL-17 signaling path-
way (P.adjust = 0.000631912), NF-κBsignaling pathway 
(P.adjust = 0.000631912). These results also emphasized 
the important role of neutrophil chemotaxis, inflam-
matory factors, and autoimmunity in these two diseases 
(Fig. 4D).

Exploration of common miRNAs in PSO and PD
Totally, 41 miRNAs related to PSO and 33 miRNAs 
related to PD were identified via the HMDD database. 

Fig. 1 The flowchart of this study
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Fig. 2 Volcano and Venn diagram. A. The volcano map of GSE30999. B. The volcano map of GSE14905. C. The volcano map of GSE16134. D. The 
volcano map of GSE10334. Red represents upregulated genes, and blue represents downregulated genes. E. The four datasets have an overlap of 15 
common upregulated genes. F. The four datasets have an overlap of 3 common downregulated genes
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There were 9 common miRNAs between PSO and PD 
shows in the Veen diagram, including hsa-let-7a-5p, 
hsa-mir-100-5p, hsa-mir-125b-5p, hsa-mir-130a-3p, 
hsa-mir-146a-5p, hsa-mir-155-5p, hsa-mir-17-5p, hsa-
mir-19b-1-5p, hsa-mir-21-5p (Fig.  5A). These miRNAs 
involved in Cell Cycle (P.value = 1.35E-10), Aging (P.
value = 7.06E-10), Granulopoiesis (P.value = 1.34E-09), 
Innate Immunity (P.value = 1.78E-09), Cell Proliferation 
(P.value = 5.10E-09), Immune Response (P.value = 1.60E-
08), Latent Virus Replication (P.value g = 3.21E-08) 
(Fig. 5B).

The common miRNAs‑ mRNAs network
A total of 1128 target genes were obtained via miRTar-
base. 4 important genes were found in both 1128 target 
genes and 18 common DEGs, including CXCL8, SELE, 
IL1B, PLAT. The first three genes of them are hub genes 
(Fig.  5C). Then, the miRNAs-mRNAs network was 

established, showing the relationship between 4 miRNAs 
and 4 mRNAs (Fig. 5D).

TFs prediction of hub genes
On the basis of the TTRUST database, 10 TFs were 
obtained that regulates the hub genes. Details such as 
description, p value have been recorded (Supplementary 
Table 4). The TFs–Hub genes network was constructed, 
including 16 nodes and 26 edges (Fig. 6).

Discussion
In this study, we screened 18 common DEGs and 9 com-
mon hub genes through bioinformatics analysis, further 
identified 9 common miRNAs based on experimen-
tal evidence and 10 common TFs in both PSO and PD. 
Meanwhile, we identified signaling pathways that are 
closely related to these genes and miRNAs, especially the 
top 10 pathways with significant differences ranked by 

Fig. 3 Enrichment analysis and PPI network of common DEGs. A. GO enrichment analysis of common DEGs. Top 5 of BP and MF are shown. B. 
KEGG pathway of common DEGs. Top 10 are shown. C. PPI network of common DEGs contains 14 nodes and 33 interactions. Orange represents 
upregulated genes, and blue represents downregulated genes
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P.adjust value, which will be the key point of our discus-
sion about comorbidity mechanism in PSO and PD next.

The pathogenesis of PSO and PD is relatively complex, 
and new biomarkers are still being reported. Here, we 
summarized the pathogenesis of PSO and PD. The main 
pathogenesis of PSO is: (i) The external environment 
stimulates keratinocytes to produce antibacterial pep-
tides, growth factors, chemokines, triggering the initial 
response of immune system to produce pro-inflammatory 
factors. (ii) Helper T cell type 17 (Th17) produces IL-17 
and IL-22 by activating pathways such as JAK-STAT and 
NF-κB signaling pathways to amplify inflammation, caus-
ing excessive proliferation of keratinocytes and dynamic 
inflammatory response [1, 4, 25, 26].The main pathogen-
esis of PD: (i) Pathogens activate NF-κB signaling path-
ways to produce pro-inflammatory factors such as TNF, 
IL1B, IL-17and IL-18, enhancing the expression of the 
receptor activator of NF-κB ligands (RANKL) in neutro-
phils and osteoblasts, driving osteoclast maturation. The 
imbalance of RANKL and osteoprotegerin (OPG) can 
directly stimulates osteoclastogenesis. (ii) Immune cells 
release matrix metalloproteinases and reactive oxygen 

species to destroy the extracellular matrix in periodon-
tal tissue. (iii) Increased vascular permeability can allow 
pro-inflammatory mediators and antimicrobial peptides 
to enter the bloodstream, causing distal inflammation 
[27–31]. Of course, there are also studies that specifi-
cally review the molecular mechanisms of comorbidities 
of PSO and PD from the aspects of epidemiology, genet-
ics, microbiology and immunology. They pointed out 
that IL-17 signaling pathway, which plays a central role 
in PSO, is also particularly important during bone loss of 
PD [32, 33].

Consistent with the above researches, our results also 
reveal the important roles of IL-17 signaling pathway, 
Cytokine-cytokine receptor interaction, Chemokine 
signaling pathway, NF-κB signaling pathway from the 
perspective of bioinformatics in PSO and PD. Moreover, 
the remaining top 10 signaling pathways can be divided 
into two categories, one is the response of viruses, 
malaria parasites, legionella, and amoebas after infec-
tion, showing the role of host defense pathways in PSO 
and PD [34, 35]. The other category is disease-related 
pathways: rheumatoid arthritis and AGE-RAGE signaling 

Fig. 4 Identification and analysis of hub genes. A. The upset diagram shows that there are 9 overlapping hub genes based on seven algorithms. B. 
Hub genes and their co-expression genes network. C. GO enrichment analysis of hub genes. Top 5 of BP and MF are shown, and there is no CC. D. 
KEGG pathway of hub genes. Top 10 are shown
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pathway in diabetic complications. It suggests that PSO 
and PD have similar molecular mechanisms with rheu-
matoid arthritis and diabetes’ complications. It is worth 
thinking that the AGE-RAGE signaling pathway has been 
studied deeply in the complications of diabetes, including 
diabetic nephropathy [36], osteoporosis [37] and cardio-
vascular disease [38].Meanwhile, The AGE-RAGE signal-
ing pathway in diabetic complications has been included 
as a separate signaling pathway in the KEGG database, 
which shows the significance of related research. At pre-
sent, there are no mechanisms related to the complica-
tions of PSO or PD that are separately included in the 
KEGG database, but the oral health of PSO patients or 
the skin health of PD patients need to be paid attention 
to [39–41]. Our research can pave the way for studying 
the mechanisms of oral health in PSO patients or skin 
health in PD patients, in order to explore pathways simi-
lar to AGE-RAGE signaling pathway in diabetic compli-
cations to explain as much as possible the mechanism 
behind multiple complications in PSO and PD.

Another point worth emphasizing is that we select 
experimentally validated data as the basis for both 
screening common miRNAs and screening genes that 
interact with miRNAs. The HMDD database collects 
proven miRNA data from diseases [42], and in the miR-
Tarbase database, we limit the screening criteria to exper-
imentally verified interactions [43]. It can increase the 
credibility of our study compared to databases that make 
predictions only by sequence combination. The results 
of function enrichment analysis of common miRNAs 
also indicate the important roles of immune Response, 
innate Immunity and inflammation. Also, there are still 
some limitations in our research:(i) We did not have fur-
ther experimental verification, even if we try to choose 
experimentally-based databases during our analysis. (ii) 
Due to the limitations of public data set sample size and 
sequencing platform, the data sets we selected are all 
local tissue samples of diseases rather than blood sam-
ples. This may affect the representativeness of our find-
ings. (iii) In our study, the total sample size for PSO was 

Fig. 5 Exploration of miRNAs. A.9 overlapping miRNA in psoriasis and periodontitis. B. Functions of common miRNAs, Top 10 are shown. C. 4 
overlapping genes between target genes of miRNAs and common DEGs. D. The miRNAs-mRNAs network. Blue represents miRNAs, pink represents 
hub genes, and yellow represents common DEGS
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less than for PD, and this imbalance in sample size may 
also affect the discovery of DEGs. (iv)All findings depend 
on transcription levels. There was no basic information 
of patients including age, sex, comorbidities or smok-
ing habits and so on. Therefore, the generalization of our 
findings is limited.

In summary, our study is the first to directly iden-
tify common DEGs, hub genes, miRNAs, TFs, and their 
enriched pathways in PSO and PD from the perspective 
of bioinformatics. These results may help to reveal the 
comorbidity mechanisms of PSO and PD, although there 
is no further experimental verification. Meanwhile, it 
can provide a theoretical framework and basis for future 
research. Next, well-designed clinical prospective stud-
ies based on our data are necessary to directly detect the 
changes occurring in patients with both PSO and PD. In 
this process, confounding factors such as smoking and 
drinking can be adjusted to further improve the reliability 
and clinical promotion value of the study.

Conclusion
Our study revealed possible comorbidity mechanisms in 
PSO and PD from the perspective of bioinformatics ten-
tatively. The data can present new insight for joint pre-
vention and treatment of PSO and PD, as well as provide 
data support for further prospective studies.

Materials and methods
Data source
The GEO database (http:// www. ncbi. nlm. nih. gov/ 
geo) contains millions of microarray datasets and 
high-throughput sequences submitted by researchers 
worldwide. We used the key word “Psoriasis” or “Peri-
odontitis” to search gene expression datasets. Inclusion 
and exclusion criteria:(i) the test specimens should be 
Homo sapiens (ii) the gene expression profiles should 
include cases as well as controls. (iii) The samples of 
both diseases should be local pathological tissues. The 
PSO are skin tissues, and the PD are gum tissues. (iv) 
Preferentially select the datasets with large sample size 
(v) The sequencing platform should be consistent. (vi) 
Patients receiving clinical intervention are excluded. 

Fig. 6 Regulatory network of TFs. pink represents related hub genes, and green represents TFs

http://www.ncbi.nlm.nih.gov/geo
http://www.ncbi.nlm.nih.gov/geo
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As a result, the GEO datasets: GSE30999, GSE14905, 
GSE16134, and GSE10334 were selected. For GSE30999 
and GSE14095, we used dataset full soft file for further 
analysis. For GSE16134, GSE10334, we matched the 
gene symbols and probes based on platform file and 
performed log2 transformed to acquire gene matrix for 
the final analysis,

Identification of DEGs
R package “limma” was used to identify DEGs. R pack-
age “Impute” was used to replenish the missing expres-
sion data. Multiple probes corresponding to a single gene 
symbol were averaged and probes without a correspond-
ing gene symbol were removed. The criteria of DEGs are 
and |logFC (fold change)|≥ 1 and adjusted P-value < 0.05. 
The Venn diagram drew by R package “ggplot2” was used 
to obtain their common DEGs. R version is 3.6.3.

Enrichment analysis of common DEGs
R Package “clusterProfiler” was used to perform GO and 
KEGG pathway enrichment analysis. The GO analysis 
contains three terms: biological process, cellular compo-
nent, and molecular function. R Package “ggplot2” was 
used for visualization.

PPI network construction and hub genes selection
String (http:// string- db. org) was used to explore the com-
plex regulatory  relationships  among proteins of  inter-
est. The combined score over 0.4 was set as statistically 
significant. Seven different algorithms of Cytohubba in 
Cytoscape were used to explore hub genes.

Analysis of hub genes
R Package “clusterProfiler” was used to perform GO 
and KEGG pathway enrichment analysis same as before. 
GeneMANIA (http:// www. genem ania. org) is an effective 
tool for identifying the interconnectedness of gene sets, 
through which we established the co-expression network 
of these hub genes.

Identification of common miRNAs in PSO and PD
The miRNAs exert gene regulation by degrading mRNA 
or inhibiting its function. Here, we searched for miRNAs 
associated with two diseases based on the HMDD data-
base (http:// www. cuilab. cn/ hmdd), which is full of exper-
imental evidence related to miRNAs and disease. The 
PSO-associated miRNA and the PD-associated miRNA 
were obtained and intersected, in addition, the mature 
miRNA was searched in the miRDB database (http:// 
mirdb. org) to conduct further analysis. TAM 2.0 (http:// 
www. lirmed. com/ tam2) was used to perform miRNA 

function analysis. The terms ranked by p-values and 
p-value < 0.05 were identified as significant.

The common miRNAs‑mRNA network construction
MiRTarbase is an experimentally validated miRNA-
target interactions database (https:// mirta rbase. cuhk. 
edu. cn), which included amounts of miRNAs and tar-
get genes supported by experimental evidence. Taking 
intersection of common DEGs and target genes of pre-
dicted consensus miRNAs in PSO and PD. The miR-
NAs–mRNAs regulated network was established.

Prediction of TFs
TRRUST (https:// www. grnpe dia. org/ trrust) includes 
the target genes of common TFs and the regulatory 
relationship between TFs, which is usually used for 
the prediction of transcriptional regulatory networks. 
A total of 8,444 and 6,552 TFs target regulatory rela-
tionships is recorded in this database. TFs that regu-
late the hub genes were searched from TRRUST, and P.
value < 0.05 was included in the analysis.

Abbreviations
PSO  Psoriasis
PD  Periodontitis
DEGs  Differentially expressed genes
FC  Fold change
TFs  Transcription factors

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s41065- 023- 00266-z.

Additional file 1: Supplementary Table 1. The datasets used for analysis. 
Supplementary Table 2. The top 10 hub genes rank in Cytohubba. 
Supplementary Table 3. The details of the hub genes. Supplementary 
Table 4. The key transcriptional factors (TFs) of hub genes.

Acknowledgements
We are grateful to the investigators who provided the publicly available 
microarray datasets.

Authors’ contributions
Professor Zheng Yan designed this research. Lei Hao and Chen Xin analyzed 
the data. Wang Ziyang and Xing Zixuan wrote the manuscript.Du Wenqian 
and Bai Ruimin searched for datasets and backgrounds. He Ke, Zhang Wen, 
and Wang Yan revised the manuscript. All authors have read and agree to the 
published version of the manuscript. The author(s) read and approved the 
final manuscript.

Funding
There is no funding support.

Availability of data and materials
There is no new datasets and materials.

http://string-db.org
http://www.genemania.org
http://www.cuilab.cn/hmdd
http://mirdb.org
http://mirdb.org
http://www.lirmed.com/tam2
http://www.lirmed.com/tam2
https://mirtarbase.cuhk.edu.cn
https://mirtarbase.cuhk.edu.cn
https://www.grnpedia.org/trrust
https://doi.org/10.1186/s41065-023-00266-z
https://doi.org/10.1186/s41065-023-00266-z


Page 10 of 10Lei et al. Hereditas           (2023) 160:7 

Declarations

Ethics approval and consent to participate
There is no ethics involved in.

Consent for publication
Not acceptable.

Competing interests
There is no competing interests.

Received: 14 June 2022   Accepted: 12 January 2023

References
 1. Griffiths CEM, Armstrong AW, Gudjonsson JE, Barker J. Psoriasis. Lancet. 

2021;397(10281):1301–15.
 2. Furue K, Ito T, Tsuji G, Kadono T, Nakahara T, Furue M. Autoimmunity and 

autoimmune co-morbidities in psoriasis. Immunology. 2018;154(1):21–7.
 3. Boehncke WH, Boehncke S, Tobin AM, Kirby B. The “psoriatic march”: a 

concept of how severe psoriasis may drive cardiovascular comorbidity. 
Exp Dermatol. 2011;20(4):303–7.

 4. Rendon A, Schäkel K. Psoriasis pathogenesis and treatment. Int J Mol Sci. 
2019;20(6):1475.

 5. Hawkes JE, Chan TC, Krueger JG. Psoriasis pathogenesis and the devel-
opment of novel targeted immune therapies. J Allergy Clin Immunol. 
2017;140(3):645–53.

 6. Xing X, Liang Y, Sarkar MK, Wolterink L, Swindell WR, Voorhees JJ, 
et al. IL-17 Responses are the dominant inflammatory signal linking 
inverse, erythrodermic, and chronic plaque psoriasis. J Invest Dermatol. 
2016;136(12):2498–501.

 7. Kassebaum NJ, Bernabé E, Dahiya M, Bhandari B, Murray CJ, Marcenes W. 
Global burden of severe periodontitis in 1990–2010: a systematic review 
and meta-regression. J Dent Res. 2014;93(11):1045–53.

 8. Yang B, Pang X, Li Z, Chen Z, Wang Y. Immunomodulation in the 
treatment of periodontitis: progress and perspectives. Front Immunol. 
2021;12:781378.

 9. Hajishengallis G. Periodontitis: from microbial immune subversion to 
systemic inflammation. Nat Rev Immunol. 2015;15(1):30–44.

 10. Wang J, Zhou Y, Ren B, Zou L, He B, Li M. The role of neutrophil extracel-
lular traps in periodontitis. Front Cell Infect Microbiol. 2021;11:639144.

 11. Pan W, Wang Q, Chen Q. The cytokine network involved in the host 
immune response to periodontitis. Int J Oral Sci. 2019;11(3):30.

 12. Skudutyte-Rysstad R, Slevolden EM, Hansen BF, Sandvik L, Preus HR. 
Association between moderate to severe psoriasis and periodontitis in a 
Scandinavian population. BMC Oral Health. 2014;14:139.

 13. Nakib S, Han J, Li T, Joshipura K, Qureshi AA. Periodontal disease and risk 
of psoriasis among nurses in the United States. Acta Odontol Scand. 
2013;71(6):1423–9.

 14. Sarac G, Kapicioglu Y, Cayli S, Altas A, Yologlu S. Is the periodontal 
status a risk factor for the development of psoriasis? Niger J Clin Pract. 
2017;20(4):474–8.

 15. Lazaridou E, Tsikrikoni A, Fotiadou C, Kyrmanidou E, Vakirlis E, Giannopou-
lou C, et al. Association of chronic plaque psoriasis and severe periodon-
titis: a hospital based case-control study. J Eur Acad Dermatol Venereol. 
2013;27(8):967–72.

 16. Gheorghita D, Antal MA, Nagy K, Kertesz A, Braunitzer G. Smoking and 
psoriasis as synergistic risk factors in periodontal disease. Fogorv Sz. 
2016;109(4):119–24.

 17. Egeberg A, Mallbris L, Gislason G, Hansen PR, Mrowietz U. Risk of peri-
odontitis in patients with psoriasis and psoriatic arthritis. J Eur Acad 
Dermatol Venereol. 2017;31(2):288–93.

 18. Keller JJ, Lin HC. The effects of chronic periodontitis and its treatment on 
the subsequent risk of psoriasis. Br J Dermatol. 2012;167(6):1338–44.

 19. Han JH, Park JW, Han KD, Park JB, Kim M, Lee JH. Smoking and periodon-
titis can play a synergistic role in the development of psoriasis: a nation-
wide cohort study. Dermatology (Basel, Switzerland). 2022;238(3):554–61.

 20. Gupta S, Dogra S, Chahal GS, Prashar S, Singh AP, Gupta M. Psoriasis and 
Periodontitis: exploring an association or lack thereof. Indian Dermatol 
Online J. 2021;12(2):281–4.

 21. Ungprasert P, Wijarnpreecha K, Wetter DA. Periodontitis and risk of psoria-
sis: a systematic review and meta-analysis. J Eur Acad Dermatol Venereol. 
2017;31(5):857–62.

 22. Kalakonda B, Koppolu P, Baroudi K, Mishra A. Periodontal systemic 
connections-novel associations-a review of the evidence with implica-
tions for medical practitioners. Int J Health Sci. 2016;10(2):293–307.

 23. Christophers E. Periodontitis and risk of psoriasis: another comorbidity. J 
Eur Acad Dermatol Venereol. 2017;31(5):757–8.

 24. Uesaka K, Oka H, Kato R, Kanie K, Kojima T, Tsugawa H, et al. Bioinformat-
ics in bioscience and bioengineering: recent advances, applications, and 
perspectives. J Biosci Bioeng. 2022;134(5):363–73.

 25. Vicic M, Kastelan M, Brajac I, Sotosek V, Massari LP. Current concepts of 
psoriasis Immunopathogenesis. Int J Mol Sci. 2021;22(21):11574.

 26. de Alcantara CC, Reiche EMV, Simao ANC. Cytokines in psoriasis. Adv Clin 
Chem. 2021;100:171–204.

 27. Zhao Y, Quan Y, Lei T, Fan L, Ge X, Hu S. The role of inflammasome 
NLPR3 in the development and therapy of periodontitis. Int J Med Sci. 
2022;19(10):1603–14.

 28. Tsukasaki M. RANKL and osteoimmunology in periodontitis. J Bone Miner 
Metab. 2021;39(1):82–90.

 29. Kini V, Mohanty I, Telang G, Vyas N. Immunopathogenesis and distinct 
role of Th17 in periodontitis: a review. J Oral Biosci. 2022;64(2):193–201.

 30. Hajishengallis G, Chavakis T, Lambris JD. Current understanding of peri-
odontal disease pathogenesis and targets for host-modulation therapy. 
Periodontol 2000. 2020;84(1):14–34.

 31. Hajishengallis G. New developments in neutrophil biology and periodon-
titis. Periodontol 2000. 2020;82(1):78–92.

 32. Dalmády S, Kemény L, Antal M, Gyulai R. Periodontitis: a newly identified 
comorbidity in psoriasis and psoriatic arthritis. Expert Rev Clin Immunol. 
2020;16(1):101–8.

 33. Bunte K, Beikler T. Th17 Cells and the IL-23/IL-17 axis in the pathogenesis 
of periodontitis and immune-mediated inflammatory diseases. Int J Mol 
Sci. 2019;20(14):3394.

 34. Uematsu S, Akira S. Toll-like receptors and innate immunity. J Mol Med 
(Berlin, Germany). 2006;84(9):712–25.

 35. Shin S, Roy CR. Host cell processes that influence the intracellular survival 
of Legionella pneumophila. Cell Microbiol. 2008;10(6):1209–20.

 36. Kanwar YS, Sun L, Xie P, Liu FY, Chen S. A glimpse of various pathogenetic 
mechanisms of diabetic nephropathy. Annu Rev Pathol. 2011;6:395–423.

 37. Roy B. Biomolecular basis of the role of diabetes mellitus in osteoporosis 
and bone fractures. World J Diabetes. 2013;4(4):101–13.

 38. Hegab Z, Gibbons S, Neyses L, Mamas MA. Role of advanced glycation 
end products in cardiovascular disease. World J Cardiol. 2012;4(4):90–102.

 39. Sobecka-Frankiewicz M, Rudnicka J, Iwanicka-Grzegorek E, Mielczarek A. 
Oral changes in patients with psoriasis. Int J Dermatol. 2022.

 40. Polizzi A, Santonocito S, Patini R, Quinzi V, Mummolo S, Leonardi R, et al. 
Oral alterations in heritable epidermolysis bullosa: a clinical study and 
literature review. Biomed Res Int. 2022;2022:6493156.

 41. Benz K, Baulig C, Knippschild S, Strietzel FP, Hunzelmann N, Jackowski J. 
Prevalence of oral and maxillofacial disorders in patients with systemic 
scleroderma-a systematic review. Int J Environ Res Public Health. 
2021;18(10):5238.

 42. Huang Z, Shi J, Gao Y, Cui C, Zhang S, Li J, et al. HMDD v3.0: a database 
for experimentally supported human microRNA-disease associations. 
Nucleic Acids Res. 2019;47(D1):D1013-d7.

 43. Huang HY, Lin YC, Li J, Huang KY, Shrestha S, Hong HC, et al. miRTarBase 
2020: updates to the experimentally validated microRNA-target interac-
tion database. Nucleic Acids Res. 2020;48(D1):D148-d54.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Exploration of the underlying comorbidity mechanism in psoriasis and periodontitis: a bioinformatics analysis
	Abstract 
	Background 
	Materials and methods 
	Results 
	Conclusion 

	Introduction
	Results
	Information of GEO datasets
	Identification of common DEGs
	Enrichment analysis of common DEGs
	PPI network construction and identification of hub genes
	Co-expression and enrichment analysis of hub genes
	Exploration of common miRNAs in PSO and PD
	The common miRNAs- mRNAs network
	TFs prediction of hub genes

	Discussion
	Conclusion
	Materials and methods
	Data source
	Identification of DEGs
	Enrichment analysis of common DEGs
	PPI network construction and hub genes selection
	Analysis of hub genes
	Identification of common miRNAs in PSO and PD
	The common miRNAs-mRNA network construction
	Prediction of TFs

	Acknowledgements
	References


